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Abstract 
“Most Portfolios-of-Funds (PoFs) do not take enough active risk to generate sufficient alpha. If 

enough active risk is not taken and active returns are not generated, PoFs will produce passive- 

like returns for investors. Identifying individual Funds with High Active Share is not a solution, 

since, when combined with other high Active Share funds, the combination may index a 

benchmark different from the one they individually are evaluated against. Consequently, we 

should immediately expect that diversifying among a group of funds will lead toward lower 

overall Active Share, unintended closet indexing, difficulties in generating active returns in 

excess of active fees, and net underperformance relative to a passive alternative. The more 

funds included in a PoFs, the closer it will tend to get to a passive portfolio. Meanwhile, 

Investors will end up paying active fees for passive factor beta PoFs and fail to generate 

consistent alpha.” 
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I. INTRODUCTION 
 

The business of manufacturing, distributing and advising upon “Active US Equity” (AUSE) funds has undergone 

significant evolution over the recent decade with the proliferation of inexpensive passive equity products challenging 

the traditional active equity investing model. Leading to the question for investors: is there value in professional 

active portfolio management or should we just passively buy the market? The current active advisory model (and the 

passive model as well) continues to focus on combining multiple AUSE funds based on style, market capitalization, 

domicile, and/or investment process. The resulting PoFs and recommendations commonly lead to “over-

diversification” and/or closet indexing by the PoFs. The combination of multiple funds typically leads to a PoFs of, 

“advised active recommendations,” that deliver effectively passive risk and return while incurring multiples of fee 

cost versus an analogous passive alternative solution. Consequently, we contend that the current active advisory 

model is broken, and the question is misdirected. 

 
Closet indexing has received much attention within the investment management industry (mostly at the individual 

fund level – as is expressed in Active Share, R-Squared, and related statistical observations) in recent years. Attention 

to closet indexing has also intensified in the multi-manager process of creating PoFs solutions for the end-client. 

Indeed, this attention is warranted and focuses at the core flaws of the conventional multi-manager advisory model: 

Individually active funds (as measured by a robust statistical test for closet indexing) often become passive when 

combined in the formation of a PoFs. As an example, consider a value fund V that invests in the top 50% securities 

in its benchmark, as ranked by some valuation measure, and a growth fund G that invests in the bottom 50% 

securities in the same benchmark, as ranked by the same valuation measure. The funds G and V may individually 

have a high active share and related statistics, yet when combined they form a perfectly passive portfolio identical to 

the benchmark. This paper identifies and quantifies such offsetting factor exposures in a typical PoFs constructed of 

AUSE funds using the industry standard multi-manager portfolio construction processes. The result typically is a 

passive (Closet Indexing) multi-manager PoFs, with an active investment management fee, at multiples of cost 

versus an alternative passive solution. 

 
This paper explores the impact on portfolio activity and performance of combining multiple AUSE mutual funds. The 

methodology for evaluating individual AUSE mutual funds, the process of combining them, and a discussion of the 

resulting active risk and performance characteristics make up the body of this paper. 
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The Process and Practice of Multi-Manager Investing 

The investment marketplace is ever-expanding and continues to bring new opportunities for multi-manager 

investing. From 2000 to 2005, multi-manager assets doubled from about $500 billion to just under $1 trillion. Over 

the last decade, the industry has continued to see exponential growth year after year and is not showing any signs 

of slowing down. Allocators, Consultants, Advisors (collectively “Solution Providers”) and Investors are no longer 

limited in their choice of the historical asset classes of fixed income (income producing) and publicly traded equities 

(capital appreciation/depreciation). Commodities, structured products, derivatives, real estate assets, private 

equity, hedge funds and a myriad of other asset categories are increasingly available to the individual investor in 

fairly liquid forms, in most cases. 

 
As the use of the Multi-Management process has grown, Solution Providers have increasingly relied on specialization 

within asset categories, to complement its use amongst various asset categories. Within the publicly traded equity 

asset category the most common approach to specialization has been targeting Funds into specific capitalization and 

style boxes. The most common style box system employed within equity multi management uses Large, Mid, Small 

(capitalization distinctions) and Growth / Value (valuation) distinctions. Although this general categorization scheme 

is not systematically adopted and applied in creating publicly traded equity-based solutions, it is a widely 

acknowledged and is the starting framework for combining multiple AUSE funds to form solutions. This is the 

framework utilized for our analysis. 

 
 

II. METHODOLOGY 
 

We analyzed approximately 6,000 AUSE funds, defined as funds with the following properties in the FactSet 

database: 

- Domicile: U.S. 

- Type: Open-End Fund 

- Holdings Style: Not Index 
 

The analysis covered AUSE funds active over the past 10 years (3/31/2007-3/31/2017). 
 

Since the analysis of fund activity requires precise estimation of portfolio holdings and their factor exposures at each 

point in time, the analysis was restricted to those funds whose returns could be reconciled to underlying portfolio 

holdings. Though all AUSE funds file position reports with the SEC, some have such high turnover or idiosyncratic 

intra-filing trading as to make position filings unrepresentative. We detected such cases when we failed to reconcile 

performance estimated from position filings to the reported performance. When performance could not be 
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reconciled to filings and estimated holdings, we excluded funds from the analysis. Only one share class per fund was 

considered. With the above restrictions, approximately AUSE 3,000 funds were used in the study. 

Analyzing Funds 
 

Our data preparation involved the following steps: 
 

i. Estimate monthly positions for each fund from regulatory filings or by interpolating between 

known filings. 

ii. Calculate monthly factor exposures for each fund using the AlphaBetaWorks U.S. Equity 

Statistical Risk Model. Explanation of the model’s technical details is available in Appendix C. 

iii. Estimate a passive replicating factor portfolio for each fund. The passive replicating factor 

portfolio is a factor portfolio with constant exposures equal to the average factor exposures of 

the underlying fund. If 𝐹𝐹n71 is a matrix of estimated factor exposures to 𝑓𝑓 factors over 𝑡𝑡 periods, 

then 𝐹𝐹n77 = 𝑟𝑟𝑜𝑜𝑤𝑤𝑚𝑚𝑒𝑒𝑎𝑎𝑛𝑛(𝐹𝐹n71) is the matrix defining the replicating factor portfolio. 

iv. Calculate monthly active returns for each fund. Active returns are measured relative to the 

passive replicating factor portfolio. Active returns thus capture performance relative to a passive 

benchmark that most closely matches a fund’s typical systematic risk. If 𝐹𝐹n77 is the replicating 

factor portfolio, 𝑃𝑃𝑃𝑃77 is the fund return vector, and 𝐹𝐹𝑃𝑃n71 is the matrix of factor returns, then 

𝑃𝑃𝑃𝑃𝑃𝑃77 = 𝑃𝑃𝑃𝑃77 − 𝐹𝐹n77
7×𝐹𝐹𝑃𝑃n71 is the fund active return vector. 

v. Calculate active risk (tracking error) as the volatility of active returns for each fund. This is the 

tracking error relative to the passive replicating factor portfolio. This measures risk (volatility) 

relative to a passive benchmark that best captures a portfolio's typical systematic risk. (Note that 

this measure is free of the difficulties of Active Share and other simple metrics of activity – a fund 

that is benchmarked against Russell 1000 but indexes Russell 2000, will have 100% active share 

but ~0% active risk as defined above.) 

vi. Rank the funds by active risk, divide the dataset in half, and discard the bottom (least active) half. 

The final dataset contains the most active half of U.S. equity mutual funds (AUSE) that are 

analyzable from their position filings. 

vii. Rank funds by their Size Factor exposures and divide them into equal Small, Medium, and Large 

groups ranked by this exposure. The definition of the Size Factor and Size Factor exposures is 

provided in APPENDIX B. 

viii. Rank fund by their Value Factor exposures and divide them into equal Value and Growth groups 

ranked by this exposure. The definition of the Value Factor and Value Factor exposures is 

provided in APPENDIX B. 
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Analyzing Portfolios of Funds (PoFs) 
 
 

i. Construct 10,000 sample PoFs by sampling funds from the relevant groups, equal-weighted. This 

uses the bootstrap random sampling method. We worked with the following groups of funds: 

 
 

Value 
Growth 

2 Style Boxes 
 

 
Mid 

 
 

Value 
Growth 

4 Style Boxes 
 

  

  

Small Large 
 
 
 

Value 
Growth 

6 Style Boxes 
 

   

   

Small Mid Large 
 
 
 
 

ii. Track these portfolios-of-funds over 3 years. 
 

iii. Calculate annualized active risk for each PoFs. This measures volatility relative to a passive 
benchmark that best captures a PoFs’ systematic risk. The active risk for PoFs is defined 
identically to active risk for individual AUSE funds above. 

 
iv. Calculate annualized Information ratio, defined as active return divided by active risk. 

 
 

The “Mid” refers to the middle 1/3 of funds as ranked by the Size Factor exposure. Size Factor exposure is 

exposure to the Big-Minus-Small (BMS) factor of the equity risk model. Value Factor exposure is exposure to the 

High-Minus-Low (HML) factor of the equity risk model. These classifications follow the widely accepted Fama- 

French 3-Factor model. Importantly, the above factors control for Market and Sector effects, hence avoid the 

difficulties with multicollinearity that plague simple analysis based on the Fama-French and related model. The 

precise definitions of the Value and Size Factors are provided in APPENDIX B. To further explore the effects of 

different boxes and styles, we combined portfolios across different styles. 
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III. ANALYSIS 
 

When AUSE funds are combined across two, four, and six size (small, mid, large) and style (growth, value) groups, 

the different combinations (PoFs) typically have significantly lower active risk than the individual funds. 

Consequently, even individually active funds that are not closet indexing may, in combination, lead to a PoFs that 

are closet indexing. Investors may end up paying a higher active fee for a passive factor PoFs. Further, in the creation 

of a PoFs, aggregate active return decreases more than aggregate active risk. Therefore, PoFs tend to have lower 

information ratios than individual funds. This provides empirical support for the concept of over-diversification or, 

affectionately, “diworsefication.” We do not consider skill persistence and manager selection in this paper. The 

results merely quantify the probability, or the difficulty of generating adequate active risk to have a chance of 

generating sufficient active return to merit a fee, irrespective of managers’ skills within various PoFs. 

 

IV. RESULTS 
 
Active Risk (Tracking Error) 

 
As mentioned above, active risk (tracking error) is the volatility of active returns. It represents the risk a AUSE fund 

takes in order to generate active returns and hence earn its fees, above that of a passive solution. A PoFs spanning all 

six boxes has about half of the active volatility of individual funds. These results quantify the risk of individual 

funds compared to a PoFs. It is evident that when a PoFs is created, it is significantly less active. As seen in the 

following Table 1(a) and Graph 1(a), the median tracking error for an individual fund with 4 Boxes and 6 Boxes is 

5.85 while 3.41 for a PoFs utilizing 4 Boxes and 3.01 for a PoFs utilizing 6 Boxes. 
 

TABLE: 1(a) – Active Risk 
 

2 Boxes 4 Boxes 6 Boxes 
 Ind. Funds PoFs Ind. Funds PoFs Ind. Funds PoFs 

Max. 24.21 14.72 24.10 9.46 24.10 8.00 

1st Qu. 7.63 5.69 7.53 4.24 7.53 3.70 

Mean 6.26 4.73 6.35 3.62 6.35 3.20 

Median 5.64 4.40 5.85 3.41 5.85 3.01 

3rd Qu. 4.42 3.47 4.65 2.83 4.65 2.52 

Min. 1.88 1.47 2.02 1.32 2.02 1.29 
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Graph 1(a) 
Active Risk – 2, 4, and 6 Style Boxes 

The above graph shows the distribution of Active Volatility (Active Risk) on the y axis for the various scenarios on 

the x axis. 

 
As expected, the graph illustrates the PoFs generally exhibit lower active volatility (TE) than the individual funds as 

well as less skewness. The graphs above demonstrate that increased style box granularity results in greater decrease 

in active risk of PoFs relative to their individual AUSE fund components. 

 
An observed PoFs is thus substantially less active than individual funds and therefore needs higher returns per unit 

of risk, or higher information ratios, to warrant its active investment management fees. We next turn to the 

information ratios of individual AUSE funds as well as a PoFs. 

 
Information Ratio 
The information ratio (IR) statistics capture the risk-adjusted return (Active Return/Active Risk). We show that, when 

combining funds into a PoFs, risk is decreased through diversification and active return is decreased through dilution 

of skilled funds. As seen in the Table 2(a) and Graph 2(a) below, the IR for PoFs is lower than that of individual funds. 
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This is clearly expressed through the decrease in median IR in the Table 2(a) below. The median IR is higher for 

individual funds (-0.35) than for PoFs (-0.52) sourced from 4 Boxes and a PoFs sourced from 6 Boxes (-0.59). We see 

this result in the combination of funds on active return in which a drop in the median scores can be observed across 

all style boxes. As mentioned above, but is important to note again, this also shows the effect of Active Return being 

reduced more than volatility due to the problem addressed at the beginning of this research. 

 
Although the Top 25% of AUSE funds are generating positive IRs, this does correlate to the ability to select managers 

with strong stock selection and combine them into a PoFs successfully. In a simplistic example, if a PoFs is comprised 

of two funds in which one has a significant overweight to the Information Technology sector and has placed a 2.5% 

overweight bet on Security A and this is combined with another manager who has taken an underweight bet of 2.5% 

on Security A, this will result in a singular portfolio (when the two Funds are combined (PoFs)) with an overall passive 

exposure and return, yet associated with an active investment management fee. 

 
Table: 2(a) – Information Ratio 

 
2 Boxes 4 Boxes 6 Boxes 

 
 Ind. Funds PoFs Ind. Funds PoFs Ind. Funds PoFs 

Max. 2.12 2.32 2.50 1.81 2.50 1.66 

1st Qu. 0.15 0.07 0.03 -0.15 0.03 -0.23 

Mean -0.27 -0.34 -0.35 -0.52 -0.35 -0.60 

Median -0.25 -0.33 -0.35 -0.52 -0.35 -0.59 

3rd Qu. -0.69 -0.76 -0.74 -0.90 -0.74 -0.95 

Min. -2.65 -2.54 -2.72 -2.78 -2.72 -2.61 
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Graph: 2(a) 
Information Ratio – 2, 4, and 6 Style Boxes 

The above graph shows the distribution of Information Ratios (Active Risk/Active Return) on the y axis for the various 

scenarios on the x axis. 

 
 

V. SUMMARY & KEY CONCLUSIONS 

Key conclusions: 

□ When using four or more funds diversified across style boxes, portfolios of funds will be approximately 

half as active as the underlying funds, as can be seen in Table 1(a) above 

□ There is a danger that too many individually active funds combined together can be “neutralized”, their 

active risk eliminated, and their active return, or alpha, removed. 

□ When combining multiple funds, the information ratio of the resultant PoFs tends to decrease 

□ 75% of 4-fund and 6-fund PoFs have active return that is so minimal that even if they achieved information 

ratios in the 90th percentile, they would still fail to earn a 1.00% investment management fee 

□ Combining AUSE funds into PoFs will typically decrease variance at the cost of lower alpha generation 
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□ A well-constructed PoFs for an end-client must pay acute attention to offsetting factor and residual 

exposures created by the combining of multiple funds 

This paper illustrates some of the complications of combining multiple Active US Equity (AUSE) funds into a 

Portfolio-of-Funds (PoFs). The research demonstrates that the combination of just two AUSE funds begins to 

materially lower the active risk, the information ratio, and the chance that a PoFs will generate active returns in 

excess of fees, irrespective of manager skill. This significantly impacts the PoFs solution’s ability to deliver on 

the goal of outperforming a less expensive investment alternative. It also becomes clear that once four AUSE 

funds are combined that a solution’s (PoFs) ability to deliver on its objective becomes progressively more 

difficult to achieve as the number of funds grows. The primary challenge to the conventional multi manager 

model may not be the lack of skill, but instead the structure that condemns most portfolios to expensive 

underperformance, irrespective of the managers’ abilities. 
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APPENDIX A: Additional Statistics 
Summary Statistics – Active Volatility 

 
Data shown in percentiles (100=highest) 

 

2 Boxes 4 Boxes 6 Boxes 
 

 Ind. Funds PoFs Ind. Funds PoFs Ind. Funds PoFs 

100% 24.21 14.72 24.10 9.46 24.10 8.00 

90% 9.73 7.01 9.51 5.11 9.51 4.57 

80% 8.18 6.04 8.08 4.45 8.08 3.93 

70% 7.08 5.39 7.10 4.03 7.10 3.50 

60% 6.23 4.85 6.38 3.70 6.38 3.23 

50% 5.64 4.40 5.85 3.41 5.85 3.01 

40% 5.09 4.00 5.35 3.17 5.35 2.81 

30% 4.63 3.64 4.88 2.95 4.88 2.63 

20% 4.21 3.30 4.43 2.71 4.43 2.43 

10% 3.74 2.90 3.89 2.42 3.89 2.18 

0% 1.88 1.47 2.02 1.32 2.02 1.29 

 
 

Summary Statistics – Information Ratio 
 

Data shown in percentiles (100=highest) 
 
 
 

2 Boxes 4 Boxes 6 Boxes 
 

 Ind. Funds PoFs Ind. Funds PoFs Ind. Funds PoFs 

100% 2.12 2.32 2.50 1.81 2.50 1.66 

90% 0.51 0.43 0.39 0.19 0.39 0.06 

80% 0.26 0.17 0.13 -0.06 0.13 -0.15 

70% 0.06 -0.01 -0.06 -0.22 -0.06 -0.31 

60% -0.09 -0.17 -0.21 -0.37 -0.21 -0.45 

50% -0.25 -0.33 -0.35 -0.52 -0.35 -0.59 

40% -0.41 -0.49 -0.49 -0.66 -0.49 -0.73 

30% -0.59 -0.66 -0.65 -0.82 -0.65 -0.87 

20% -0.81 -0.87 -0.84 -1.00 -0.84 -1.05 

10% -1.08 -1.14 -1.10 -1.25 -1.10 -1.27 

0% -2.65 -2.54 -2.72 -2.78 -2.72 -2.61 
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APPENDIX B: The AlphaBetaWorks Statistical U.S. Equity Risk Model 
 

AlphaBetaWorks Statistical U.S. Equity Risk Model (the Model) addresses the critical flaws of simple statistical 

(time-series) equity risk models commonly used in research. 

 
• Collinearity among Market, Industry/Sector, and Style factors – Dependence among factors leads 

to misleading covariance matrix estimates and flawed performance attribution. 

 
• Incomplete coverage of systematic risk – Traditional factors fail to account for most of the 

systematic risk of certain portfolios. 

 
For example, the Fama–French three-factor model and its derivatives suffer from multicollinearity, since its factors 

co-vary: The performance of SMB and HML factors is in part due to the Market Factor exposure of the SMB and 

HML portfolios. This difficulty undermines all analysis built on such models and is an important reason commercial 

equity risk models do not rely on makes all the simple Fama–French factors and their relatives. 

 

The Defined Factors 
The Model captures systematic risk using the following factors: 

 
• Market – Aggregate equity market performance 
• Sectors – Equity performance specific to the following sectors: 

□ Consumer 
□ Energy Minerals 
□ Finance 
□ Health 
□ Industrial 
□ Miscellaneous 
□ Non-Energy Minerals 
□ Technology 
□ Utilities 

• Bonds – Return for the Barclays US Aggregate Government Bond Index 
• Oil – Change in the crude oil price 
• FX – Return for the United States Dollar Index 
• Size – Equity performance specific to company size. The capitalization-weighted performance of 

the top decile of residual equity returns minus that of the bottom decile, ranked by their market 
capitalizations. 

• Value – Equity performance specific to company valuation. The capitalization-weighted 
performance of the top decile of residual equity returns minus that of the bottom decile, ranked 
by their book value to price ratios. 
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Fitting Linear Models 
Factor exposures are estimated by robust regression using the M estimator. Fitting is done by iterated re-weighted 
least squares (IWLS) using the Huber psi function. 

 
Observations are exponentially weighted with 0.02 monthly decay. Observation weight is reduced by 
approximately half after 36 months. 

 
Factor Return and Exposure Estimation 
The Model estimates factor returns and factor exposures hierarchically. Residuals from the previous regression 
step are used to estimate factor returns and exposures in the following step, thus avoiding the collinearity 
problems that plague most commercial statistical risk models: 

 

• Market 
 
 
 
 
 

• Sectors 

 
□ Estimate the Market return as the capitalization-weighted return of index 

securities. 
□ Fit linear models to estimate market exposures: 

SecurityReturns ~ MarketReturn. 
□ Save residuals as MarketResiduals for the following step. 

 
□ Estimate Sector factor returns as capitalization-weighted returns of index securities’ 

MarketResiduals. 
□ Fit linear models to estimate Sector exposures: 

MarketResiduals ~ SectorReturn. 
□ Save residuals as SectorResiduals for the following step. 

• Bonds and Oil 
□ Fit linear models to estimate Bonds and Oil exposures: 

SectorResiduals ~ BondsReturn + OilReturn. 
□ Save residuals as BondsOilResiduals for the following step. 

• FX, Size, Value 
□ Estimate Size factor returns as capitalization-weighted returns of the top decile 

minus the bottom decile of index securities’ BondsOilResiduals, ranked by their 
capitalization. 

□ Estimate Value factor returns as capitalization-weighted returns of the top decile 
minus the bottom decile of index securities’ BondsOilResiduals, ranked by their 
Book to Price ratios. 

□ Fit linear models to estimate FX, Size, and Value exposures: 
BondsOilResiduals ~ FXReturn + SizeReturn + ValueReturn. 

□ Save residuals as FXSizeValueResiduals for the following step. 



| October 2017 | Confidential | 14 
  

REFERENCES 
Armstrong, Patrick, and Ana Cukic-Munro. "The Growth of European Assets Under Multi-Management." Multi-manager Funds: Long-onlyStrategies for 

Managers and Investors. By Sohail Jaffer. London: Euromoney, 2006. N. pag. Print. 
 

Berk, Jonathan and Jules H. Binsbergen (2014), “Measuring Skill in the Mutual Fund Industry,” Working Paper. 

Braemer, Jeffrey D. (2010), “A Portfolio with Room to Grow”, White Paper, TimesSquare Capital Management, LLC. 

Carhart, Mark M. (1997), “On Persistence in Mutual Fund Performance,” Journal of Finance, vol. 52, no. 1 (March). 

Chen, Joseph, Harrison Hon, Ming Huang, and Jeffrey Kubik (2004), “Does Fund Size Erode Mutual Fund Returns? The Role of Liquidity and Organization,” 
American Economic Review, December 2004. 

 
Cohen, Randy, Christopher Polk, and Bernhard Silli (2008),“Best Ideas”, Working Paper, Harvard Business School. 

 
Cremers, Martijn and Antti Petajisto (2009)“How Active is Your Fund Manager? A New Measure That Predicts Performance”, Working Paper, Yale School 

of Management, March 31, 2009. 
 

Ellis, Charles D. (1975), “The Loser’s Game,” Financial Analysts Journal, July/August. 
 

F. R. Hampel, E. M. Ronchetti, P. J. Rousseeuw and W. A. Stahel (1986) Robust Statistics: The Approach based on Influence Functions. Wiley. 
 

Gillman, Barry M. "Active Share Is a Fuzzy Number." CFA Institute Enterprising Investor. CFA Institute, 26 Apr. 2016. Web. 21 June 2017. 

Goldberger, Arthur S. (1991). "Multicollinearity". A Course in Econometrics. Cambridge: Harvard University Press. pp. 245–53. 

Goyal, Amit and Sunil Wahal (2008), “The Selection and Termination of Investment Firms by Plan Sponsors”, Journal of Finance, vol. 63, no. 4. 

Grossman, Sanford J. and Joseph E. Stiglitz (1980), “On the Impossibility of Informationally Efficient Markets,” American Economic Review, vol. 70, no. 3. 

Gujarati, Damodar. "Multicollinearity: what happens if the regressors are correlated?". Basic Econometrics (4th ed.). McGraw−Hill. pp. 363–363 

Kacperczyk, Marcin, Sialm Clemens, and Zheng Lu (2005), “On the Industry Concentration of Actively Managed Equity Mutual Funds,” Journal of Finance, 
vol. 60, no. 4. 

 
Kapoustin, Gregory, “Mutual Fund Closet Indexing: 2015 Update,” AlphaBetaWorks Insights. Available online at 

http://abwinsights.com/2015/11/08/mutual-fund-closet-indexing-2015-update/ 
 

Kwait, Kristofer and John Delano (2010), “A Look At Market Conditions Affecting Equity Hedge Fund Capture Ratios”, White Paper, Commonfund. 

Lawley, D. N. and Maxwell, A. E. (1971) Factor Analysis as a Statistical Method. Second edition. Butterworths. 

Loeper, David B. (2003), “Active Vs. Passive Management: The Debate Continues”, White Paper, Wealthcare Capital Management. 

Petajisto, Anti (2013), “Active Share and Mutual Fund Performance,” Financial Analysts Journal, vol. 69, no 4. 

P. J. Huber (1981) Robust Statistics. Wiley. 
 

Sharpe, William F. (1991), “The Arithmetic of Active Management,” Financial Analysts Journal, vol. 47, no. 1. 

Solow, Ken (2009), “Compelling Evidence That Active Management Really Works”, Advisor Perspectives. 

Stewart, Scott D., John J. Neumann, Christopher R. Knittel and Jeffrey Heisler (2009), “Absence of Value: An Analysis of Investment Decisions by 
Institutional Plan Sponsors”, Financial Analysts Journal, vol. 65, no. 6. 

 
Surz, Ron (2005), “Warning! Peer Groups Are Hazardous To Our Wealth”, White Paper, PPCA Inc. Available online http://ppca- 

inc.com/WhitePapers/white_papers.htm 
 

Vincent, David and Ray Pinelli (2010), “Capture Ratio as a Tool to Measure Investment Performance”, Advisor Perspectives, January 5, 2010. 
 

Yap, Ken, Shiv Taneja, and Philip Silitschanu. "Chapter 2: The Evolution of the Multi-manager Industry." Multi-manager Funds: Long-only Strategies for 
Managers and Investors. By Thomas Marsh. London: Euromoney, 2006. N. pag. Print. 

http://abwinsights.com/2015/11/08/mutual-fund-closet-indexing-2015-update/
http://ppca-/


| October 2017 | Confidential | 15 
  

ABOUT THE AUTHORS 
 
Daniel B. Wanzenberg, APS Labs, LLC 
With twenty years of asset management experience, Mr. Wanzenberg founded Wanzenberg Partners, LLC in 2009, which was 

formed into Active Portfolio Solutions, LLC in 2014, where he now serves as the Chief Executive Officer and Chief Investment 

Officer. He has held a variety of senior level positions in the financial services industry. Mr. Wanzenberg launched and managed 

ABN AMRO’s North American global multi-manager program. At ABN AMRO, Mr. Wanzenberg was responsible for all aspects 

of the program, including manager due diligence and oversight, client asset allocation, sales and marketing, key client servicing, 

and operations. Prior, Mr. Wanzenberg held positions at Envestnet, responsible for building their investment manager platform, 

and Nuveen Investments as a performance analyst. 

 
Greg Kapoustin, AlphaBetaWorks 
Mr. Kapoustin spent the last twelve years in the investment management and financial technology industries, with a decade 

focused on portfolio construction, risk management, manager selection, and multi-factor risk model construction. Previously, 

Greg developed computer operating systems as part of the industry-leading Microsoft Windows Platform technical team of which 

he was a member for five years. 



| October 2017 | Confidential | 16 
  

Disclaimers 
 
 

The information contained in this document reflects the views of APS Labs, LLC. The views expressed herein may change at 
any time without prior notification. Any mention or reference to a particular security, investment strategy or fund does not 
constitute a recommendation to buy, sell or hold such security. 

 
While all the information prepared in this document is believed to be accurate and from reliable sources, APS Labs, LLC. makes 
no express warranty as to the completeness or accuracy nor can it accept responsibility for errors appearing in this 
document. 

 
In addition, there can be no guarantee that any projection, forecast or opinion in these materials will be realized. Any 
performance data given in this document is based on past performances and should not be considered indicative of future 
results. 

 
This document is being provided on a confidential basis for informational purposes only. Accordingly, this document may not be 
reproduced in whole or in part, and may not be delivered to any person, without prior written consent of APS Labs, LLC. 

 
Certain materials have been prepared by Alpha Beta Analytics, LLC, d/b/a AlphaBetaWorks. This material is for information 
and illustrative purposes only. It is not and should not be regarded as investment advice or a recommendation regarding any 
particular investment, fund, or course of action. Opinions expressed herein are current opinions as of the date appearing in this 
material only and are subject to change without notice. No representation or warranty is being made that the information    
herein is accurate, correct, complete, or timely. This information is provided with the understanding that with respect to the 
material provided herein, you will make independent decisions with respect to any course of action in connection herewith. 
By accepting this material, you acknowledge, understand and accept the foregoing: 

 
ANY PROJECTIONS, FINANCIAL OR OTHERWISE, SET FORTH HEREIN, ARE ESTIMATIONS BASED ON CURRENT INFORMATION AND 
RELY ON A NUMBER OF ASSUMPTIONS CONCERNING FUTURE EVENTS AND ARE SUBJECT TO A NUMBER OF UNCERTAINTIES 
AND OTHER FACTORS, MANY OF WHICH ARE OUTSIDE THE CONTROL OF APS LABS, LLC AND ALPHABETAWORKS. SUCH 
FACTORS COULD CAUSE ACTUAL RESULTS TO DIFFER MATERIALLY FROM WHAT IS SET FORTH IN THIS MATERIAL. APS 
LABS, LLC AND ALPHABETAWORKS UNDERTAKE NO OBLIGATIONS TO UPDATE OR REVISE ANY OF THE PROJECTIONS, 
WHETHER AS A RESULT OF NEW INFORMATION, FUTURE EVENTS OR OTHERWISE. APS LABS, LLC AND 
ALPHABETAWORKS HEREBY DISCLAIM ANY EXPRESS OR IMPLIED REPRESENTATIONS OR WARRANTIES, WHETHER AT LAW 
OR IN EQUITY, INCLUDING AS TO THE ACCURACY OR COMPLETENESS OF, OR REASONABLENESS OF ANY ASSUMPTIONS 
UNDERLYING ANY ESTIMATES, PROJECTIONS AND FORECASTS SET FORTH. 

 
ANY USE, REPUBLICATION OR REDISTRIBUTION OF THIS MATERIAL AND ITS CONTENT IS EXPRESSLY PROHIBITED WITHOUT THE 
PRIOR WRITTEN CONSENT OF APS LABS, LLC AND ALPHABETAWORKS. BY ACCEPTING THIS MATERIAL, YOU AGREE TO NOT 
EDIT OR OTHERWISE MODIFY ANY MATERIAL RECEIVED FROM APS LABS, LLC AND ALPHABETAWORKS, USE ANY 
ILLUSTRATIONS OR GRAPHICS SEPARATELY FROM ANY ACCOMPANYING TEXT OR REPRODUCE, DUPLICATE, COPY OR 
OTHERWISE EXPLOIT MATERIAL RECEIVED FROM APS LABS, LLC AND ALPHABETAWORKS. 


	An Analysis of the Conventional Multi-Manager Process
	I. INTRODUCTION
	The Process and Practice of Multi-Manager Investing
	II. METHODOLOGY

	Analyzing Funds
	Analyzing Portfolios of Funds (PoFs)

	III. ANALYSIS
	IV. RESULTS
	Active Risk (Tracking Error)
	Information Ratio
	V. SUMMARY & KEY CONCLUSIONS

	APPENDIX B: The AlphaBetaWorks Statistical U.S. Equity Risk Model
	The Defined Factors
	Fitting Linear Models
	Factor Return and Exposure Estimation
	REFERENCES
	ABOUT THE AUTHORS
	Greg Kapoustin, AlphaBetaWorks



